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®1. 87—ty bhOBEY, DEEERIUVEXRENLE
Variabl Dataset 1 Dataset 2 Dataset 3 Dataset 4 Dataset 5
arables (n=120)  (#=100) (n=80) (n=60) (n=40)
Age, years, mean (SD) 752 (12.4) 754 (12.6) 756 (13.0) 74.8 (13.0) 74.8 (14.3)
Gender, men, 7 (%) 62 (51.7) 57 (57.0) 43 (53.8) 32 (53.3) 22 (55.0)
Affected side, right, n (%) 56 (46.7) 51 (51.0) 37 (46.3) 25 (41.7) 20 (50.0)
Post-stroke time at admission, days, 302 (117) 293 (112) 294 (11.1) 314 (12.0) 284 (11.9)
mean (SD)
SIAS V.ertlcahtyatadmlssmn,pomts, 3 (2-3) 3 (2-3) 3 (2-3) 3 (2-3) 3 (1-3)
median (IQR)
SIAS a.bd.ommal.muscles.trengthat 2 (1-2) 2 (1-2) 2 (0.5-2) 2 (1-2) 2 (1-2)
admission, points, median (IQR)
SIAS.Vlsuospa.Ual perception at admission, 3 (3-3) 3 (3-3) 3 (3-3) 3 (3-3) 3 (3-3)
points, median (IQR)
Berg balance scale at admission, points, o, 5 (158) 213 (166) 203 (17.1) 205 (166) 216 (16.3)
mean (SD)
STEF affected side at admission, points, 75 1 (o1 o) 763 (206) 752 (222) 757 (206) 73.1 (25.4)
mean (SD)
STEF unaffected side at admission, 258 (32.8) 275 (335) 245 (329) 27.3 (32.8) 31.7 (33.9)
points, mean (SD)
HDS-R at admission, points, mean (SD) 19.7 (7.9) 19.5 (7.9) 195 (7.9) 209 (7.2) 19.6 (7.6)
Dressing performance at admission
® . .
FIM" upper body dressing, points, 3.0 (1.0-4.0) 3.0 (1.0-4.5) 3.0 (1.0-4.0) 3.0 (1.0-4.0) 3.0 (1.0-4.5)
median (IQR)
® . .
FIM lower body dressing, points, 2.0 (1.0-4.0) 2.0 (1.0-4.0) 2.0 (1.0-4.0) 2.0 (1.0-4.0) 2.0 (1.0-5.0)
median (IQR)
The lower score on FIM” for dressing the
upper and lower body, points, median 2.0 (1.0-4.0) 2.0 (1.0-4.0) 2.0 (1.0-4.0) 2.0 (1.0-4.0) 2.0 (1.0-4.0)
(IQR)
Dressing performance at 1-month after
admission
® . .
FIM" upper body dressing, points, 5.0 (2.0-6.0) 5.0 (25-6.0) 5.0 (20-6.0) 45 (2.5-6.0) 5.0 (2.0-6.0)
median (IQR)
® . .
FIM lower body dressing, points, 40 (2.0-6.0) 5.0 (2.0-6.0) 4.0 (2.0-6.0) 45 (2.5-6.0) 4.5 (2.0-6.0)
median (IQR)
The lower score on FIM” for dressing the
upper and lower body, points, median 4.0 (2.0-6.0) 5.0 (2.0-6.0) 4.0 (2.0-6.0) 4.0 (2.0-6.0) 4.0 (2.0-6.0)
(IQR)
I“ielzf/n)dence of upper body dressing, 39 (325) 34 (340) 26 (325) 20 (333) 14 (35.0)
()
hff?$§bn°e°fb“@rb°dydm5““& 37 (30.8) 32 (320) 24 (300) 19 (317) 12 (30.0)
()
Independence of both upper and lower 37 (30.8) 32 (320) 24 (300) 19 (317) 12 (30.0)

body dressing, 7 (%)

Abbreviations: SIAS, stroke impairment assessment set; HDS-R, revised Hasegawa’s dementia scale; STEF, simple test for

evaluating hand function.
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Variables at admission
n=120 Age, Post-stroke time at admission, FIM® dressing, SIAS verticality, SIAS abdominal muscle strength,
SIAS visuospatial perception, Berg balance scale, STEF affected side, STEF unaffected side, HDS-R
n=100 Post-stroke time at admission, FIM® dressing, SIAS verticality, SIAS abdominal muscle strength, SIAS
visuospatial perception, Berg balance scale, STEF unaffected side, HDS-R
n=80 Age, Post-stroke time at admission, FIM® dressing, SIAS verticality, SIAS abdominal muscle strength,
SIAS visuospatial perception, Berg balance scale, STEF affected side, STEF unaffected side, HDS-R
n=60 Age, Post-stroke time at admission, FIM® dressing, SIAS verticality, SIAS abdominal muscle strength,
SIAS visuospatial perception, Berg balance scale, STEF affected side, STEF unaffected side, HDS-R
n=40 Age, Post-stroke time at admission, FIM® dressing, SIAS verticality, SIAS abdominal muscle strength,
SIAS visuospatial perception, Berg balance scale, STEF affected side, STEF unaffected side, HDS-R

Abbreviations: SIAS, stroke impairment assessment set; HDS-R, revised Hasegawa’s dementia scale; STEF, simple test for
evaluating hand function.

#3. AIZa2—JIRYyhNTI—=2EOVRT 4y 7ORETILORBEDLE

Accuracy (%) PPV (%) NPV (%) Sensitivity (%)  Specificity (%)
n=120 ANN* 88.3] 83.2 91.7] 81.7] 91.4
LR* 80.0 72.7 85.4 65.8 86.7
n=100 ANN® 84.0 82.2 ]* 86.9 68.3 91.0
LR 75.0 65.8 80.5 56.7 83.6
n=80 ANN°® 85.0 ]* 86.7 85.9 63.3 94.3
LR® 73.8 69.7 82.8 56.7 82.7
n=60 ANN* 83.3 80.0 89.0 75.0 88.5
LR’ 80.0 73.3 87.5 70.0 86.0
n=40 ANN°® 90.0 83.3 100.0 100.0 86.7
LR® 82.5 85.4 88.3 70.0 90.0
*p < 0.05.

Abbreviations: ANN, artificial neural network; LR, logistic regression; PPV, positive-predictive value; NPV, negative-

predictive value.
*Models created
®Models created
“Models created
‘Models created
“Models created

by SIAS verticality, Berg balance scale, and STEF on unaffected side.
by time post-stroke, Berg balance scale, and STEF on unaffected side.
by Berg balance scale and Revised Hasegawa’s dementia scale.

by age, Berg balance scale, and STEF on unaffected side.

by Berg balance scale, and STEF on unaffected side.
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The use of the FIM® instrument to collect data for this
research study was authorized and conducted in accordance
with the term of a special purpose license granted to the
licensee by Uniform Data System for Medical
Rehabilitation (UDSMR). The licensee has not been
trained by UDSMR in the use of the FIM® instrument, and
the patient data collected during the course of this research
study has not been submitted to or processed by UDSMR.
No implication is intended that such data has been or will
be subjected to the standard data processing procedures of
UDSMR or that it is otherwise comparable with the data
processed by UDSMR. FIM® is a trademark of UDSMR, a
division of UB Foundation Activities, Inc.
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